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Introduction 

Early-stage and rapidly scaling technology enterprises operate in business 

environments characterized by high environmental dynamism, rapid technological 

obsolescence, and shifting consumer expectations (Cruz-Sánchez et al., 2026; Teece, 2018). 

In these turbulent contexts, traditional competitive advantages derived solely from static 

technological superiority or product features erode rapidly (Kim & Mauborgne, 2004; 

Schreiner, 2024). Consequently, a startup's long-term survival depends on its capacity for 

continuous innovation not merely in terms of incremental product updates, but through 

architectural business model innovation (BMI) and the cultivation of an agile, market-

responsive organizational culture (Foss & Saebi, 2017; Zott & Amit, 2010). 

Historically, early-stage technology firms have viewed marketing through a 

restrictive, unidirectional lens treating it as an outboard commercial megaphone dedicated 

to lead generation, performance advertising, and sales funnel acceleration (Alabi et al., 

2024; Hoogveld & Koster, 2016). This functional isolation creates a severe organizational 

divide: go-to-market teams capture rich customer telemetry and qualitative sentiment across 
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digital touchpoints, yet these external signals remain trapped within departmental silos, 

disconnected from core product development and software engineering workflows 

(Chattermill, 2026; ClosedLoop AI, 2026). 

To overcome this structural inefficiency, recent scholarly work in Customer 

Experience Management (CXM) and strategic management advocates for an integrated, 

customer-centric paradigm (Homburg et al., 2017; Lemon & Verhoef, 2016; Schreiner, 

2024). When an enterprise unifies its disparate interaction channels including social media 

platforms, mobile applications, web portals, conversational chat interfaces, support ticket 

queues, and direct sales calls into a cohesive omnichannel architecture, marketing 

transcends its traditional commercial boundary (Alabi et al., 2024; Verhoef et al., 2019). It 

evolves into a real-time, distributed organizational sensing network (Cruz-Sánchez et al., 

2026; EPAM, 2026). 

Despite growing interest in omnichannel customer experience frameworks within 

small and medium-sized enterprises (SMEs) and retail sectors (Alabi et al., 2024; Verhoef 

et al., 2021), a critical research gap persists regarding how technology startups leverage 

omnichannel infrastructure to shape internal organizational routines, learning mechanisms, 

and innovation culture. Specifically, existing literature fails to adequately explain: 

1. The microfoundational data pipelines required to convert multi-touchpoint 

qualitative customer chatter into structured technical backlogs and engineering priorities. 

2. The dynamic interaction between cross-channel proactive sensing, double-loop 

organizational learning, and strategic business model re-evaluation under resource 

constraints. 

This study addresses these theoretical and practical gaps by examining the central 

research question: How do integrated omnichannel marketing strategies function as 

dynamic sensing mechanisms to drive double-loop organizational learning and foster a 

sustainable culture of innovation within technology startups? 

Grounding our analysis in the Dynamic Capabilities Framework (Teece, 2007, 

2018; Cruz-Sánchez et al., 2026), Market Orientation theory (Zhou et al., 2005; Yang et al., 

2020), and Organizational Learning principles (Argyris & Schön, 1978; Senge, 1990; 

Demil & Lecocq, 2010), this paper provides a critical, evidence-based synthesis. We 

demonstrate that bi-directional omnichannel engagement closes the loop between external 

market discovery and internal technical execution, embedding empirical customer reality 

into the heart of the startup’s innovation culture. 

Method 

To examine the intersection of omnichannel marketing strategies and internal 

innovation culture, this study employs a qualitative, systematic literature review (SLR) 

methodology integrated with an inductive case synthesis approach, adhering to established 

academic protocols (Cruz-Sánchez et al., 2026; Tranfield et al., 2003). Systematic literature 

synthesis is particularly suited for resolving conceptual fragmentation across adjacent 

disciplines namely strategic management, digital marketing, computer science, and 

organizational behavior. 

Theoretical Framing: The ADO-TCM Framework 

Following the structural approach of Cruz-Sánchez et al. (2026), our inquiry organizes 

literature across the Antecedents, Decisions, and Outcomes (ADO) framework, complemented 

by the Theories, Contexts, and Methods (TCM) taxonomy: 

• Antecedents: External environmental turbulence (technological shifts, competitive 

intensity) and internal design enablers (organizational structure, leadership, risk-tolerant 

culture). 
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• Decisions: Dynamic capability routines, specifically strategic sensing across 

omnichannel touchpoints, cross-functional data orchestration, and double-loop business 

model redesign. 

• Outcomes: Enhanced organizational agility, rapid product-market iteration, higher 

market differentiation, and an institutionalized culture of innovation. 

 

Table 1.  

ADO Category Sub-Dimension Operational Definition & 

Strategic Role in Tech Startups 

Antecedents Environmental Dynamism Unpredictable shifts in 

market demand and competitor 

moves driving the need for 

continuous adaptation (Cruz-

Sánchez et al., 2026; Schoemaker et 

al., 2018). 

 Organizational Design Decentralized structures 

and flexible communication 

channels that facilitate rapid cross-

functional signal processing 

(Arbussa et al., 2017). 

Decisions Strategic Sensing Multi-touchpoint market 

orientation (customer and 

competitor sensing) that detects 

explicit and latent needs (Zhou et al., 

2005; Yang et al., 2020). 

 Resource Reconfiguration Absorptive capacity and 

strategic agility deployed to align 

internal engineering backlogs with 

external market feedback (Gerdoçi 

et al., 2023). 

Outcomes Double-Loop Learning Re-evaluating core 

business assumptions and product 

architectures rather than making 

minor operational tweaks (Argyris 

& Schön, 1978; Demil & Lecocq, 

2010). 

 Innovation Culture An institutionalized 

environment characterized by 

psychological safety, empirical 

experimentation, and continuous 

learning (EPAM, 2026). 

 

Data Collection & Source Synthesis 

Primary source data were retrieved through systematic, multi-stage semantic 

searches across peer-reviewed academic literature, doctoral dissertations, industry 

benchmarking reports, and documented case studies published between 2010 and 2026. The 

final analytical corpus comprises core sources covering four domain clusters: 

 

1. Dynamic Capabilities & Business Model Innovation: Theoretical foundational texts 

examining sensing, seizing, and transforming routines (e.g., Cruz-Sánchez et al., 2026; 

Teece, 2007, 2018; Zott & Amit, 2010; Gerdoçi et al., 2023). 
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2. Omnichannel Customer Experience & CXM: Operational frameworks detailing channel 

synchronization, CRM integration, and customer journey touchpoint innovation (e.g., Alabi 

et al., 2024; Homburg et al., 2017; Schreiner, 2024; Hoogveld & Koster, 2016). 

3. Market Orientation & Organizational Learning: Studies analyzing responsive versus 

proactive market orientations, sales-marketing alignment, and double-loop learning loops 

(e.g., Zhou et al., 2005; Yang et al., 2020; Demil & Lecocq, 2010; Le Meunier-FitzHugh 

& Piercy, 2010). 

4. Product Discovery Technologies & Startup Case Evidence: Empirical documentation of 

AI-driven qualitative feedback repositories, customer co-creation workflows, and direct-to-

consumer (D2C) innovation models (e.g., Chattermill, 2026; ClosedLoop AI, 2026; 

Granola, 2026; Glossier case studies via Digiday, 2016; Glossy, 2017; Soar With Us, 2024; 

Thea Care, 2026). 

 

Microfoundational Analysis 

 Data analysis proceeded through thematic coding to map microfoundational 

mechanisms across three organizational levels (Felin et al., 2015; Cruz-Sánchez et al., 

2026): 

• Individual level: Managerial cognitive framing and dynamic managerial capabilities 

(DMCs) of startup founders and Growth CMOs. 

• Organizational level: Technical data pipelines, automated feedback taxonomies, 

and multidisciplinary squad routines. 

• Relational/Ecosystem level: User-generated content (UGC), customer co-creation 

forums, and open innovation loops.  

 

1. The Multi-Tiered Feedback Ingestion & Data Orchestration Pipeline 

Our synthesis reveals that transforming unstructured external customer signals into 

internal engineering execution requires a systematic, multi-tiered data orchestration 

pipeline. Rather than relying on sporadic customer interviews or disconnected survey 

forms, high-growth technology startups establish an automated, continuous feedback loop. 

 

Layer 1: Multi-Touchpoint Ingestion Layer 

The pipeline ingests heterogeneous data streams across both digital and physical 

touchpoints (Alabi et al., 2024). Structured telemetry such as user clickstream analytics, 

feature drop-off rates, and navigation anomalies is captured alongside unstructured voice-

of-customer (VoC) records, including sales call recordings (via AI note-takers like 

Granola), support ticket logs (Zendesk/Intercom), social media comments, app store 
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reviews, and dedicated product feedback portals (Chattermill, 2026; ClosedLoop AI, 2026; 

Granola, 2026). 

Layer 2: Processing & AI Taxonomy Layer 

Unstructured textual and audio data are ingested into a central intelligence 

repository. Deep-learning natural language processing (NLP) models and multi-agent AI 

systems categorize raw feedback into atomic insight types: specific feature pain points, 

operational workarounds, explicit feature requests, and usability friction points 

(Chattermill, 2026; Minds AI, 2026). Aspect-based sentiment analysis disaggregates 

general customer mentions (e.g., "checkout experience") into precise root-cause dimensions 

(e.g., negative sentiment regarding payment gateway loading latencies versus positive 

sentiment regarding Apple Pay support) (Chattermill, 2026). 

Layer 3: Cohort-Weighted Prioritization Layer 

To prevent startups from falling into the "volume trap" where product roadmaps are 

overwhelmed by vocal, non-paying, or low-tier users the orchestration layer enriches 

atomic insights with customer context graph metadata (Enterpret via Chattermill, 2026). 

Feedback is dynamically weighted against account-level business impact metrics, including 

Monthly Recurrent Revenue (MRR), Customer Lifetime Value (LTV), target Ideal 

Customer Profile (ICP) fit, and churn risk scores (Chattermill, 2026; ClosedLoop AI, 2026). 

Layer 4: Execution Synchronization Layer 

Processed, weighted feedback clusters are automatically converted into actionable 

developer items. Through direct API webhooks and integrations with product management 

platforms (e.g., Productboard, Jira, Linear), customer friction insights directly populate 

engineering backlog pools, transforming qualitative customer voice into prioritized user 

stories for upcoming agile development sprints (ClosedLoop AI, 2026; Lonti, 2026). 

2. Cross-Functional Governance & Silo Elimination 

The technical deployment of an omnichannel data pipeline is insufficient without 

corresponding structural and managerial realignments. Our findings indicate that tech 

startups successfully fostering an innovation culture restructure executive leadership and 

team governance. 

The Growth CMO as an Innovation Architect 

In progressive technology ventures, the Chief Marketing Officer role evolves from 

traditional campaign management into an executive "Growth CMO" who acts as a primary 

architect of customer-centric innovation (IGS, 2025). The Growth CMO co-chairs internal 

innovation steering committees alongside the Chief Technology Officer (CTO) and Chief 

Product Officer (CPO) (IGS, 2025). By injecting real-time market intelligence and 

customer cohort insights into C-suite strategic decisions, the Growth CMO ensures that 

enterprise R&D investments are allocated strictly toward features with empirical, validated 

demand (IGS, 2025; Schreiner, 2024). 



e-ISSN: 3090-0425 

  

14 | Vol. 2, No. 3, October 2026 

 

Multidisciplinary Innovation Squads 

 To eliminate operational friction between go-to-market teams and technical 

personnel, startups deploy autonomous, cross-functional innovation squads (Cruz-Sánchez 

et al., 2026; EPAM, 2026; IGS, 2025). These squads integrate software engineers, UX/UI 

designers, product managers, growth marketers, and customer success specialists into 

unified working units structured around shared key performance indicators (KPIs) such as 

reducing user onboarding churn or accelerating hypothesis validation speed (IGS, 2025). 

Table 2.  

Organizational Level Traditional Marketing 

Approach 

Integrated Omnichannel 

Sensing Approach 

Primary Focus Outbound customer 

acquisition & campaign ROI 

Enterprise-wide real-time 

market sensing & co-creation 

Data Flow One-way broadcasting; 

isolated marketing metrics 

Bi-directional, multi-

touchpoint continuous feedback 

loops 

Cross-Functional Role Siloed go-to-market 

execution 

Strategic partner in product 

roadmap & backlog prioritization 

Leadership Profile Campaign Planner / Brand 

Manager 

"Growth CMO" & 

Innovation Architect co-leading 

with CTO/CPO 

Team Structure Departmental silos (Sales 

vs. Marketing vs. Dev) 

Autonomous, 

multidisciplinary innovation squads 

Learning Orientation Single-Loop (Optimizing 

click-through & conversion rates) 

Double-Loop (Re-

evaluating product-market fit & 

business models) 

 

3. Case Analysis: Community-Led Co-Creation in Digital-Native Tech Startups 

 The practical application of omnichannel marketing as a driver of product 

innovation is exemplified by Glossier, a direct-to-consumer (D2C) beauty and skincare 

startup (Digiday, 2016; Glossy, 2017; Soar With Us, 2024; Thea Care, 2026). 

 Glossier originated from Into The Gloss, an editorial beauty blog founded by Emily 

Weiss. Rather than building a product line and attempting to acquire an audience via paid 

media, the enterprise established an active, engaged online community first (Thea Care, 

2026). When developing its flagship facial cleanser, the Milky Jelly Cleanser, Glossier 

utilized its digital publication and social media channels as a distributed R&D laboratory 

(Digiday, 2016; Soar With Us, 2024). 

1. Inbound Qualitative Prompting: The editorial team published an open thread asking 

community members to describe their "dream face wash" (Digiday, 2016). Over 400 

detailed blog comments and thousands of Instagram responses were collected (Digiday, 

2016; Glossy, 2017). 

2. Data Synthesis & Formulation Parameters: Marketing analysts manually parsed 

unstructured comments to isolate key user constraints and unmet needs—specifically, 

that existing cleansers either stripped moisture or failed to remove makeup (Digiday, 
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2016; Soar With Us, 2024). These qualitative insights were translated directly into 

physical chemistry requirements: 

Table 3.  

Qualitative Community Insight Physical Formulation & Product Output 

"Must safely remove eye makeup without burning or 

stinging" 
Incorporated Poloxamer (mild cleansing agent commonly 

found in contact lens solutions) 

"Must leave skin conditioned, soft, and hydrated" Formulated with Rosewater, Comfrey Root Extract, and 

Pro-Vitamin B5 

"Must work predictably on both dry and wet skin" Developed a non-foaming, balmy gel-cream texture engine 

"Must feature clean, accessible visual packaging identity" Designed minimalist pink pump packaging suited for 

shower display 

 

 Closed-Loop Commercialization: Upon product release, Glossier executed a launch 

campaign that explicitly credited community input in its messaging (Digiday, 2016; Soar 

With Us, 2024). By demonstrating that consumer feedback directly shaped the physical 

product, Glossier achieved exceptional conversion rates, high organic word-of-mouth, and 

industry-leading repeat purchase metrics (Glossy, 2017; Thea Care, 2026). 

Discussion 

1. Interplay of Strategy, Customer Engagement, Organizational Learning, and Culture 

The core analytical objective of this study is to explain the causal mechanism linking 

omnichannel marketing strategies to an internal innovation culture. Our findings establish 

that this relationship is mediated by customer engagement and double-loop organizational 

learning: 

Omnichannel Architecture → Customer Engagement → Double-Loop Learning → 

Innovation Culture 

 

 

From Omnichannel Strategy to Customer Engagement 

Omnichannel marketing provides the technical infrastructure required for seamless, 

continuous interaction (Alabi et al., 2024). When customers experience consistent, 

personalized engagement across all touchpoints, brand trust and psychological safety 

increase (Lemon & Verhoef, 2016; Schreiner, 2024). Consequently, customers transition 
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from passive consumers into active co-creators, willingly sharing detailed qualitative 

feedback, reporting latent product bugs, and suggesting novel feature workarounds (EPAM, 

2026; Soar With Us, 2024). 

From Customer Engagement to Double-Loop Organizational Learning 

Single-loop learning focuses on tactical efficiency answering "Are we doing things 

right?" (e.g., optimizing conversion rates or ad copy) (Argyris & Schön, 1978; Demil & 

Lecocq, 2010). In contrast, double-loop learning questions underlying assumptions 

answering "Are we doing the right things?" (Argyris & Schön, 1978; Senge, 1990). 

When omnichannel feedback is filtered through AI orchestration pipelines and presented to 

cross-functional leadership, it exposes fundamental discrepancies between executive 

assumptions and market realities (ClosedLoop AI, 2026; Granola, 2026). This forces 

leadership to challenge established product-market fit hypotheses, re-evaluate core value 

propositions, and execute timely strategic pivots (Cruz-Sánchez et al., 2026). 

Table 4.  

Dimension Single-Loop Organizational 

Learning 

Double-Loop Organizational 

Learning 

Core Operational Objective "Doing things right" – optimizing 

current execution 

"Doing the right things" – re-

evaluating core business 

assumptions 

Omnichannel Application Refining ad copy, A/B testing email 

subject lines, balancing CAC 

Identifying structural feature gaps, 

pivoting product architectures 

Feedback Target Tactical campaign & channel 

conversion metrics 

Strategic product-market fit & 

business model validity 

Impact on Culture Incremental workflow refinement Radical innovation & willingness to 

challenge status quo 

Primary Level Functional marketing & sales teams Cross-functional C-suite leadership 

& multidisciplinary squads 

 

Single-Loop Learning:   [ Feedback ] ──> [ Tactical Tweaks ] ──> [ Execute ] 

                                                                   (Same Assumptions) 

 

Double-Loop Learning:   [ Feedback ] ──> [ Challenge Core ]  ──> [ Re-evaluate Model ] 

                                         Assumptions             & Pivot Strategy 

 

From Double-Loop Learning to Institutionalized Innovation Culture 

An organizational culture of innovation is characterized by psychological safety, 

rapid hypothesis testing, cross-functional collaboration, and an absence of executive dogma 

(EPAM, 2026; IGS, 2025). When product roadmaps are grounded in cohort-weighted 

customer telemetry rather than founder intuition, internal debate shifts from political 

opinion to empirical evidence (ClosedLoop AI, 2026). Employees across marketing, 

product, and engineering are empowered to run rapid experiments, accept calculated failure 

as a learning mechanism, and continuously adapt routines (EPAM, 2026; IGS, 2025). 
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Mathematical Formulation of Dynamic Capability Index 

Building upon the dynamic capability framework, a startup’s dynamic capability 

index (DC_i) can be conceptualized as a function of cross-channel information transmission 

velocity (V_t), cross-functional data integration capability (I_d), and organizational 

processing agility (A_p): 

 

Where k represents individual channel touchpoints (e.g., in-app telemetry, social listening, 

support queues, sales call transcripts). High DC_i values denote an enterprise where 

customer inputs flow smoothly into product strategy and agile software execution without 

encountering functional friction. 

2. Strategic Pitfalls & Countermeasures 

While integrating omnichannel feedback into product strategy offers transformative 

potential, tech startups must navigate critical strategic risks: 

1. Signal Noise and Feature Creep 

Chasing every customer complaint without structured filtering leads to bloated 

software architectures, fragmented product roadmaps, and "feature creep" (ClosedLoop AI, 

2026; Minds AI, 2026). 

Countermeasure: Startups must implement cohort-weighted prioritization 

frameworks (e.g., weighting feedback by target ICP fit and account LTV) to ensure that 

high-value strategic signals are prioritized over noisy minority demands (Chattermill, 2026; 

ClosedLoop AI, 2026). 

2. Local Optima Trap (Over-indexing on Responsive Sensing) 

Excessive reliance on responsive market orientation (addressing explicit, current 

customer requests) can blind startups to proactive market opportunities and radical 

innovations (Zhou et al., 2005; Yang et al., 2020). 

Countermeasure: Executive leadership must maintain an ambidextrous balance—

allocating approximately 70% of engineering bandwidth to responsive, incremental 

enhancements, while reserving 30% for proactive, exploratory experimentation designed to 

address latent market needs (Cruz-Sánchez et al., 2026; IGS, 2025). 

3. Over-Reliance on Synthetic AI Signals 

While AI note-takers and sentiment classifiers accelerate qualitative processing, 

synthetic AI summaries can occasionally hallucinate context or obscure nuanced human 

emotion (Minds AI, 2026). 

Countermeasure: Product managers and engineers must conduct periodic direct 

qualitative validation interviews with target customers before finalizing major architectural 

roadmap decisions (Granola, 2026; Minds AI, 2026). 



e-ISSN: 3090-0425 

  

18 | Vol. 2, No. 3, October 2026 

 

3. Strategic 12-Month Implementation Roadmap 

To systematically build an omnichannel-driven innovation culture, startup 

leadership can execute a phased, four-stage implementation roadmap over twelve months: 

 

Roadmap Phase Core Strategic Objective Key Technical & 

Governance Actions 

Primary Risk Factor 

Phase 1: Sensing 

Architecture (Months 1–3) 

Establish unified data 

ingestion across all active 

GTM touchpoints 

Deploy API middleware 

webhooks connecting 

CRM, support ticketing, 

social listening, and sales 

call tools to a central 

repository 

Data fragmentation & 

unstandardized schemas 

Phase 2: Processing & AI 

Analytics (Months 4–6) 

Implement AI-driven 

taxonomy, sentiment 

extraction, and cohort 

weighting 

Configure NLP sentiment 

algorithms; link feedback 

items with account LTV 

and churn risk scores in 

product platforms 

Miscalibrated weighting 

algorithms 

Phase 3: Governance 

Alignment (Months 7–9) 

Eliminate organizational 

silos and realign C-suite 

leadership roles 

Formalize the Growth 

CMO role; co-chair 

innovation steering 

committees; deploy 

multidisciplinary 

innovation squads 

Cultural resistance to 

cross-functional 

transparency 

Phase 4: Cultural Scaling 

(Months 10–12) 

Operationalize continuous 

double-loop learning 

across the enterprise 

Link engineering OKRs to 

customer 

retention/friction metrics; 

establish monthly cross-

functional 

experimentation 

hackathons 

Team fatigue from 

continuous sprint iteration 

 

CONCLUSION 

 This study re-conceptualizes omnichannel marketing strategies within technology 

startups demonstrating that beyond their recognized commercial utility, integrated cross-

channel strategies function as vital, real-time dynamic sensing networks that cultivate an 

internal innovation culture. By synthesizing the Dynamic Capabilities Framework, Market 

Orientation theory, and Double-Loop Organizational Learning, we establish that multi-

touchpoint customer engagement fuels double-loop learning, breaks down internal 

departmental silos, and aligns engineering backlogs directly with validated market 

demands. 

Theoretical Contributions 

1. Bridging Marketing and Dynamic Capabilities: We extend Teece’s dynamic 

capability framework by providing a fine-grained, microfoundational account of how 

omnichannel data pipelines enable the strategic sensing and reconfiguring dimensions 

in early-stage ventures. 

2. Unifying CXM and Double-Loop Learning: We demonstrate that omnichannel CXM 

frameworks serve as cognitive catalysts that compel executive leadership to re-evaluate 
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foundational business model hypotheses rather than settling for local tactical 

optimizations. 

Managerial Implications 

1. Adopt the Growth CMO Model: Executive boards and startup founders must elevate 

marketing leadership to co-lead product discovery and innovation governance alongside 

CTOs and CPOs. 

2. Build Multidisciplinary Squads: Operating in functional isolation stifles innovation; 

cross-functional squads combining growth marketing, software engineering, and UX 

design accelerate execution speed and cohort retention. 

3. Implement Cohort-Weighted Filtering: Startup teams must deploy intelligent data 

pipelines that weight qualitative customer feedback against account revenue and ICP 

alignment, avoiding roadmap fragmentation caused by uncalibrated signal volume. 

Limitations & Future Research 

While this study offers an integrative conceptual framework supported by 

qualitative literature synthesis and illustrative case studies, it possesses inherent limitations. 

The findings are primarily derived from digital-native B2B SaaS and D2C startups, which 

may limit direct generalizability to highly regulated industries (e.g., deep-tech, med-tech, 

or biotechnology) where long R&D cycles and compliance constraints moderate rapid 

customer-led experimentation. 

Future empirical research should employ quantitative Structural Equation Modeling 

(PLS-SEM) across cross-sectional startup samples to measure the exact moderating effect 

of omnichannel data integration (I_d) on the relationship between dynamic managerial 

capabilities and startup financial performance (FP). 
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